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Note: 1. Answer any FIW full questions, CINE full questionfrorc*flhh module.

2. M : Marks, L: Blo.om's level, C: Cg!&qe
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Max. Marks: 100

Modd,gq'*r I M L C

Q.r z. State Tom Mitchell's definition of ffi,=achine

challenges of machine leaming*ffi r
n' H's

leaming. List qp,SgiSlain the 7 LI col

b. List and explain the visuffiatioffaids available for uniV-4riate data analysis
with example foreach. *4\ ,,,,11il 

"*

'rfu -

7 L2 col

c. For the patients age,list"{l2 , 14, 19,22,24,26,.28;31,34}. Find the IQR. 6 L3 col

OR ;'''-, 
".';,

Q.2 a. Explain indmfiaiffie machine leaming progess with aneat diagram. 7 L2 col

b. 7 L2 col

c. Find the 5-point summary 9ffi" list {13, 11,2, G3;Et9} and plot thc boi
plot for the same. ':"t ' : ,ti:$S'rh 

ir{
.1"

6 L3 co1

Module -4*r*+- ''

Q.3 a. Analysis
10 L3 col

b. thm on the dataset*given in Table Q.3(b)

,3

10 L3 co2

"-EGPA Interactiveffi 'Practical

knowledse
Cbdiiriunication
,. skills

Logical
thinkine

Job
offer

>9 Ye$4q-'r Excellenf " Good Fast YES

>9 ,lryrfrF Goq{;h Good Fast YES

>8 ]i=,*itNo Gootl-' Good Fast NO

>9 Yes . 
".Gdod

Good Slow YES

d'",; oR

Q.4 a. Find Singular Val ;)
10 L3 co2

. :,.{i}3rs$iit
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b. rithm to obtainlheffiothesis for

the dataset given in the Table Q.4(b).
Table

skv Air temp Humidity Wind Water qil#tecast Eniov sport

Sunny Warm Normal Strong Warffi 1ffime YES

Sunny Warm Hieh Strong Wann ,- Same YES

Rainy Cold Hish Strong -\ffi{ild Change NO "q-=

Sunny Warm Hieh Strong Change YES

10 L3 co2

-MaeilL 
3

Q.s L. Apply K-ner
Given a test

instance. Ch

rest neil
: instancr
oose K =

;hbor a
: (6.1,
,3.

1goffi
40f,.,!,$B

'=W
\"Tab

ffir the dataset given ffi
$se the training set to clae

le O.5(a

$le Q.5(a).
siff the test

6 L3 c03

,t:

CGPA hsinent Proiect submitte# R.esult

9.2 ;'*t5 8 PASS

8.* "80 J ''",. PASS

8.S,. 81 PASS

6' 45 FAIL
't-,,,.5i5 50 4 FAIL

5.8 38 s,,:]fu 5 FA&

b. d3"' and limitations offugression methods'
"\, .@..,fl /'"o.--",.,

7 L2 co3

c. @ of ?dffion tree and writ{tl-$&rocedure to coii$tilLrct

a decision the using ID3 aforithm. ,,,,

.i' d'*?r**t'/ . na,u-Gfu

7 L2 c03

OR '& {***''-
Q.6 a. af$riihm. _Annt1 

the sinle to predict

the class for the pten test instance e,..}) using the traiaingidataset given in
r.vl $ r...ry:,,,. .tr''frytass] ru$:r,'s ,--i#rll A 

I

,'"Jffiq::'ii
" -ji; _ ..

i* ii

.o*,' 
j::

ust

+;;e-

,"x s Class

3?+ I A

d

,'5 2 A
4 3 d"^
7 6 B
6 7 B
8 5+ HfuB

T&.leQ.6(a

7 L3 c03

b. Distinguish between
i) Regression and
ii)
iii)

Regression and
Linearity and non*inearity relationships.

6 L2 co3

c. Explain the affiqlages and disadvantages
general algorithrfi,Sr decision tree.

of decision tree. Write the 7 L2 co3
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Module - 4

Q.7 a. Using Naive bayes classifier classify the new data

using the training dataset given in Table Q.7(a).

Domestic)

Yellow
Yellow

10 L3 c04

b. Explain the simple$h*pdel of an artificial
neural network t

neqrono"along with the artificial

.."''(,,:ii*

10 L2 co4

OR
;;,I

Q.8 a. Posteriori
in detail.

(MN),,*Irothesis

.r,,-a!il''

and. 10 L2 co4

b. @ivation func$ions used in artific.la:l.iisdral network'
t "\,

,"t)I:::: ;,;;.l.iii
10 L2 co4

..'*ul-v Module - 5

Q.e L. @ i&"'bf data given in*.@16 Q.9(a).Clus,ter{'t using

K-means algorithm.wifr irritiut value of obi$ets-) and 5 with-themtbordinate

values (4,6)and-@:{qW

ddk;;=:Ei'

) as initial seeds.
Tablo0.9h)

=Obiects X-coor&dte Y-coordinate
I -f&.
) ;.1% ""!$' 6 "i

3 t-,*%,.= 6 I
4 r.' 10 *o*j;4
5w t2 .lffi," 4

10 L3 co5

b. ts of reinforcement learning'
)a /s

10 L2 cos

at*

Q.10 a. yshev distance if the coordinates of the

objects are (0,3) and (5,_8\'
f

4 L3 co5

b. E.p6inthe mean shift clii#ring algorithm' 6 L2 co5

c. t-ist and 
"xplain 

the
i) Characterihds6tfreinforcement leaming
ii) Challenges df reinforcement leaming
iii) Ap_p-[i..' ns of reinforcement learning

10 L3 cos

**r.**
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